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Simulate rain

Existing approaches (e.g. GANs): physics

- do not generate physically-plausible rain;

- cannot control the amount of rain; 3) Composite streak on image
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User study (N=35) "Rain in this image looks realistic”
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Effects of rain
Evaluation on our Weather Kitti (15x7580 images) and Weather Cityscapes (15x2995 images)
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Improving robustness
Curriculum learning using our rain-augmented weather datasets
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Synthetic (Weather Kitti/Cityscapes)

Datasets and code released
Weather Kitti, Weather Cityscapes => 390k images, inc. 7 fogs, 7 rains

Real (nuScenes)
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